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Abstract

For nearly three decades, the majority of trademark-based domain
name disputes have been decided based solely on complainants’
submissions, as most domain name owners (or respondents) do
not participate in the proceedings. Although domain name dispute
resolution policies typically include provisions that guarantee a
fair outcome for respondents who fail to participate (or default),
anecdotal evidence shows a large discrepancy in outcomes between
default and contested disputes. For instance, under the Uniform
Domain Name Dispute Resolution Policy (UDRP), the domain name
dispute procedure adopted by the Internet Corporation for Assigned
Names and Numbers (ICANN) in 1999 for “generic top-level do-
mains” (gTLDs), such as .com, .org and .net, defaulting respondents
are substantially more likely to lose than those who file a response.
This disparity has prompted recurring concerns about potential
structural imbalances in the dispute resolution process, yet the lack
of large-scale empirical analyses has limited ICANN’s ability to
systematically evaluate these concerns and inform policy updates.

In this work, we present a large-scale comparative analysis of out-
comes in contested and default domain name disputes. We analyze
42,306 UDRP cases initiated between July 2015 and November 2025,
including 3,190 contested and 39,116 default proceedings. Using
large language models and text embedding techniques, we extract
and standardize the factual grounds cited by panels and cluster dis-
putes resolved on substantively similar facts. Our analysis identifies
1,359 cases in which defaulting respondents lost disputes that were
consistently won by participating respondents under comparable
factual circumstances. We also observe systematic differences in
the level of factual justification provided in default proceedings,
suggesting variation in decision-writing practices that may bear
on the transparency and perceived fairness of the process. The
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1 Introduction

Domain names occupy a unique position at the intersection of inter-
net addressing and intellectual property. While corporations invest
heavily to acquire and promote domain names as primary source
identifiers—much like trademarks—the mechanisms to acquire them
differ fundamentally. Unlike trademarks, which are territorial in na-
ture and “only protected in the countries or regions where they are
registered [47], domain names are internet identifiers and part of
the global Domain Name System (DNS). While trademarks require
rigorous substantive examination, domain names can be registered
instantly, at negligible cost, and without prior screening for con-
flicting rights [32]. In fact, the DNS’s design allows the coexistence
of identical strings across different namespaces, a feature further
expanded by the recent introduction of new generic top-level do-
mains [24]. For example, nissan.com and nissan.co. jp are tech-
nically distinct and owned by unrelated entities: the former by an in-
dividual named Nissan and the latter by the well-known automaker.
However, as the protracted litigation over nissan.com [14] illus-
trates, this structural openness often leads to disputes when domain
registration rights collide with trademark protections [19].
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The existing out-of-court mechanisms used to decide such dis-
putes differ significantly from typical arbitration proceedings [31].
They are initiated unilaterally by a trademark holder, triggering
a strict timeline that requires the domain name owner, who may
be unfamiliar with the Uniform Domain Name Dispute Resolution
(UDRP) procedure, its dispute resolution forums, or the language
of the complaint, to submit a formal response. In practice, however,
the majority of respondents do not engage with this process. This
high rate of default is particularly evident in the Uniform Domain
Name Dispute Resolution Policy (UDRP), where respondents file a
response in one out of every three disputes [13].

This absence has material consequences: earlier studies showed
that defaulting respondents lose their disputes at a much higher
rate than those who participate [13], raising questions about the
structural equity of the dispute resolution process [20]. Despite
these concerns, ICANN has largely retained existing UDRP rules
governing respondent participation in the dispute process. This
continuity may, in part, reflect the limited availability of empirical
evidence assessing the scope of the alleged imbalance. A search for
articles whose title or abstract contain the policy’s name alongside
the word “bias” on SCOPUS, Web of Science, and Google Scholar,
returned only 6 of 58 entries involving some sort of empirical anal-
ysis. Of those, four were at least a decade-old [20, 30, 35, 40] and
the two most recent studies did not study the potential impact of
bias on decision outcomes [2, 13].

In this work, we measured the extent to which bias might have
affected the domain name dispute resolution process, thereby pro-
viding empirical evidence to guide future reviews and reforms. We
focused on bias against defaulting respondents, assessing if, when
presented with the same factual evidence, panelists’ decisions differ
depending on whether the respondent participated in the dispute
or not. We also compared the level of factual justification provided
in default versus contested disputes. To conduct these analyses, we
leveraged recent advances in natural language processing, com-
bining large-language models and text-embedding techniques to
extract the key facts used to justify the outcomes of past UDRP
disputes. In total, we extracted the facts used by panels to justify
their decisions in 3,190 contested and 39,116 default disputes started
after the policy update of July 31, 2015. This extraction allowed us
to create clusters of disputes in which the facts analyzed by the
panels were semantically similar. Through a systematic evaluation
of the generated clusters, we identified several types of instances in
which respondents appear to have lost a dispute solely because they
did not submit a response. Ultimately, our results suggest the need
for effective interventions to increase respondent participation in
the dispute process and improve the quality and transparency of
panel decisions.

Our core contributions are as follows:

(1) We developed a scalable methodology to extract legal rea-
soning from dispute proceedings and applied it to a 10-year
dataset of domain name disputes. As a modular approach,
our technique can be extended to other legal tasks.

(2) We performed the first systematic review of the variation
in decision-writing practices between default and contested
UDRP disputes, finding significant discrepancies that may
bear on the process’s transparency and perceived fairness.
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(3) We designed and implemented a methodology that abstracts
the specifics of a dispute to create clusters of factually equiva-
lent disputes. Those facts can serve as a checklist for improv-
ing panelists’ decision-making or as a guide for respondents
to prepare a strong defense.

(4) We conducted the first large-scale empirical analysis of the
differences in outcomes between default and contested do-
main name disputes. We identified several issues that require
policy updates to increase trust in the policy.

The remainder of this paper is organized as follows. Section 2
describes the UDRP procedure and Section 3 discusses the related
work. Section 4 presents our dataset and in Section 5, we assess
the differences in terms of winning rates (§5.1), number of facts
analyzed by panels (§5.2), and decision outcomes (§5.3) between
default and constested UDRP disputes. We conclude with recom-
mendations for ICANN and its stakeholder groups in Section 6 and
a discussion of our study’s limitations in Section 7.

2 Background

The Uniform Domain Name Dispute Resolution Policy (UDRP) is
the foremost mechanism used to resolve disputes arising from a
trademark holder’s objection to the bad-faith registration and use of
a domain name similar to their trademark. It features a streamlined,
efficient dispute resolution process that has been used in tens of
thousands of disputes since the policy’s adoption in 1999.

To start a dispute under the UDRP for generic top-level domains
(gTLD), a trademark owner must file a complaint with an ICANN-
accredited provider, mentioning the contentious domain name(s)
and explaining why they consider that (i) the domain name(s) are
identical or confusingly similar to their trademark; (ii) the domain
name owner has no rights or legitimate interests in respect of the
domain name(s); and (iii) the domain name(s) have been registered
and are being used in bad faith. Upon receiving and accepting the
complaint, the dispute resolution provider contacts the domain
name’s registrar of record to lock the domain name, and, if neces-
sary, to seek the registrant’s contact details, which may have been
redacted in accordance with global data protection laws such as the
European Union General Data Protection Regulation (GDPR). Upon
receiving the registrant’s name and contact information, the dis-
pute resolution provider notifies the domain name owner about the
complaint and gives them an opportunity to rebut the claimant’s
allegations within 20 days. As part of the mandatory registration
agreement for gTLD domain names [25], every registrant agrees
to be bound to the results of a UDRP decision by any ICANN-
accredited provider, which can include transferring or cancelling
the domain name. However, very few domain name owners have
participated in the past. While the reasons for this low rate of
participation remain unclear, some consider it an admission of
wrongdoing on the part of the domain name owners [13, 42] while
others contend it may be because respondents failed to receive the
provider’s notice or lacked enough time or resources to prepare a
reasonable defense [20, 49].

Regardless of the respondent’s participation status, the dispute
resolution provider appoints a one- or three-member panel to re-
view the dispute, with the process conducted entirely through on-
line submissions. The panel’s final decision, due within two weeks
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of their appointment, depends on an analysis of the facts to deter-
mine if the three mandatory elements below are satisfied:

(1) The domain name is identical or confusingly similar to a
mark in which the claimant has rights; and

(2) The respondent has no rights or legitimate interests in re-
spect of the domain name; and

(3) The domain name has been registered and is being used in
bad faith [26].

Upon reaching a decision, the panel must explain their reasoning
in a document published on the provider’s website at the end of
the dispute resolution proceeding. Based on an analysis of past
disputes, researchers estimate that over 90% of past disputes were
decided in favor of claimants, resulting in the transfer or cancel-
lation of the disputed domain name(s) [2, 6, 13]. In general, this
high winning rate is used as an indication that the UDRP is mostly
used for legitimate rather than baseless disputes. At the same time,
it has also fueled a broad range of criticisms from some scholars
who allege the existence of a systemic bias favoring trademark
holders [20, 49], especially given earlier studies’ observation that
defaulting respondents were significantly more likely to lose a dis-
pute than their non-defaulting counterparts [13]. Unfortunately,
the lack of empirical analyses assessing the existence of such a
bias may have stalled the enactment of relevant reforms likely to
increase respondent participation.

3 Related Work

The decentralized, cross-border nature of the domain name indus-
try and trademark-based disputes that the UDRP aims to manage
has made the policy an interesting object of study for legal and
technical scholars alike. Starting shortly after the policy’s inception,
a steady stream of research began focusing on assessing the quality
of decisions rendered [34, 38, 41] and the implications of procedural
factors on fairness and free speech [2, 20, 49]. One highly debated
aspect of fairness is the issue of forum shopping, which refers
to claimants’ suspected tendency to file disputes with providers
likely to increase their chance of winning the dispute. Although the
existence of this practice has long been contentious among legal
scholars [18, 20, 30, 35], a recent large-scale analysis showed that
forum shopping likely affected a third of past UDRP disputes [2].

Researchers have also been broadly concerned with the fairness
of decisions rendered in default disputes. In a two-decades-old anal-
ysis of 3,362 disputes, Mueller asserted that in up to 25% of disputes
involving a default, respondents’ non-participation in the process
was the only basis relied upon by panelists to conclude that the
domain name was registered in bad faith [36]. The author’s analysis
also revealed panelists’ willingness to passively accept a claimant’s
allegations as true when respondents default. According to Mueller,
those prejudicial actions partly contributed to the disproportionate
rate at which defaulting respondents had lost their disputes.

In this work, we conducted a large-scale review of default dis-
pute decisions using machine learning to empirically verify this
claim. Although this line of inquiry is novel in the context of do-
main name disputes, similar analyses have been conducted in other
areas of the law. Notably, researchers have used machine learning
to assess the consistency of decisions rendered by judges decid-
ing criminal [11, 45] or asylum cases [10, 11, 37]. Those studies
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evaluated the existence of unfair decisions by analyzing how non-
legal factors, such as the defendant’s nationality and the judge’s
identity, influence litigation outcomes. However, a recent study
showed that these approaches might not be suitable for identifying
unfairness, as they minimize the importance of the legal grounds
on which adjudicators make their decisions [4]. According to Barale
et al. [4], fairness is best evaluated using approaches that model
why adjudicators rendered a certain decision, without the influence
of procedural and contextual factors. Our work draws from those
insights to develop a methodology that relies solely on the facts dis-
cussed by the domain name dispute panelists to assess the quality
of decisions when respondents default.

4 Dataset

For a contemporary and rigorous investigation, we focused our
analysis on single-domain UDRP disputes filed in the last decade,
for which the panels made a decision only after evaluating the
merits of the complaint. This last condition allows us to filter out
two types of disputes: those in which the panel ordered a transfer
solely because the respondent agreed to it, and those in which
the complaint was rejected as out of scope or for other procedural
issues. Finally, focusing on single-domain disputes prevents the
analytical complexities of multi-domain complaints, where panels’
tendency to discuss all domains simultaneously makes it difficult
to isolate the facts for each domain name.

We initiated our data collection at the end of November 2025,
scraping the websites of the five accredited dispute resolution
providers in service at that time: 1) the Internet Domain Reso-
lution section of the Arbitration and Mediation Center of the World
Intellectual Property Organization; 2) the National Arbitration Fo-
rum; 3) the Asian Domain Name Dispute Resolution Center; 4) the
Czech Arbitration Court Center for Internet Disputes; and 5) the
Canadian International Internet Dispute Resolution Center. Those
websites typically provide, for each UDRP dispute ever managed by
the provider, basic metadata such as the parties’ identities, the list of
disputed domains, the publication date, and a link to the published
proceedings. More granular details, such as when the complaint was
filed or whether the respondent has defaulted, are only available as
free-form text in the published proceedings. Accordingly, we lever-
aged Adjibi et al’s state-of-the-art named entity recognition (NER)
model [2], which can accurately extract such information at scale,
to determine the complaint submission date and the respondent’s
participation status for the 108,587 disputes we collected, some of
which date back to 1999. Since that model only supports English
documents, we used the highly performant FastText model [28] to
identify each document’s language and retained only the 98,989
English proceedings. After filtering out multi-domain disputes, we
identified 42,871 complaints submitted on or after July 31, 2015,
based on the NER model’s output. We subsequently used the Gem-
ini 2.5 Flash reasoning model to analyze the remaining documents
and identify disputes in which panels made a decision without ana-
lyzing the merits of the dispute for any of the reasons mentioned
earlier. As Figure 1 shows, those steps resulted in the identification
of 3,190 contested and 39,116 default disputes studied in this work.

We consider this dataset adequate for a systematic comparison of
default and contested UDRP disputes because it exhibits a moderate
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positive correlation between the number of default and contested
decisions rendered by a panelist (Pearson’s r = 0.58, p < 0.01). In
other words, the caseload of panelists is sufficiently balanced across
both dispute types to allow meaningful comparisons.

Non-English Proceedings
9,598

Multi-Domain Disputes
24,889
Voluntary Transfers.
434

Out-of-scope Disputes

Pre July 31, 2015 disputes.
UDRP Disput 31,229 Other Issues
isputes
(as of November 2025) enaton . 66
108,587 nglish Proceedings
98,989

s Contested Disputes
3,190

Single-Domain Disputes.
74,100

Post July 31, 2015 disputes. Default Disputes
42,871 39,116

Figure 1: Data selection pipeline. Our analysis focuses on a
comparison between contested (3,190) and default disputes (39,116),
highlighted respectively in purple and orange.

5 Evaluation

Our study examines whether and to what extent non-participation
in domain name disputes diminishes respondents’ likelihood of
retaining control of their domain names. To operationalize this
objective, we formulate three research questions:

(1) How do respondent win rates differ among defaulting respon-
dents, self-represented respondents, and respondents repre-
sented by legal counsel?

(2) How does the evidentiary basis of panel decisions—measured by
the number of facts cited—differ between default and contested
disputes?

(3) When disputes involve substantively identical factual circum-
stances, to what extent do panel outcomes diverge between
default and contested proceedings?

5.1 Win Rates and Participation Status

Finding 1. Defaulting respondents win nearly twenty
times less often than legally represented respondents and
roughly ten times less than self-represented respondents.

We use metadata from dispute providers’ websites to estimate
how often panelists decided in respondents’ favor. Motivated by
prior work suggesting that legal representation may improve re-
spondent outcomes [2], we partition contested disputes into those
with and without legal representation. A manual inspection re-
vealed that decisions involving represented respondents typically
include a standardized phrase naming the respondent, followed
by “represented by” and the counsel’s name. Using regular ex-
pressions derived from this pattern, we identify 970 contested dis-
putes (30.40%) in which respondents were legally represented. Our
analysis shows that legally represented respondents achieve the
highest win rate (53.09%), compared to 26.40% for self-represented
respondents and 2.71% for defaulting respondents. These results
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indicate that respondent participation—and especially legal rep-
resentation—is strongly associated with substantially improved
chances of prevailing in domain name disputes.

Given that several works have argued that respondents primar-
ily default because they are “cybersquatters” lacking any viable
defense [13, 42], we explore whether dispute outcomes vary with a
respondent’s prior involvement in domain name disputes. For that
analysis, we distinguish between one-time respondents and repeat
respondents, the latter being more likely to face allegations of sys-
tematic or malicious registration behavior. For repeat respondents,
we only considered those with a consistent participation pattern
throughout the study period (i.e., they either always defaulted,
participated on their own, or were legally represented).

As shown in Figure 2, the gap in win rates between defaulting
and participating respondents remains pronounced. Among partici-
pating respondents, those involved in multiple disputes exhibit a sig-
nificantly higher win rate than those appearing in only a single one,
regardless of whether they are legally represented. In contrast, one-
time defaulting respondents only win 3.20% of their disputes, which
is twice the win rate for repeat defaulters (1.43%). Taken together,
these patterns are consistent with the hypothesis that experience
with the dispute process—or repeated engagement—may modestly
improve respondents’ ability to defend their domain names, while
repeated defaults may negatively influence panels’ perceptions.

90%
Bmm One-Time Respondents
EEm Repeat Respondents

80%

70% 4

60%

a
S
X

40%

Respondent Win Rate

w
S
B3

20% A

10%

0% -

Self-Represented Defaulting

Legally Represented

Figure 2: Proportion of disputes won by respondents depend-
ing on their participation status.

To evaluate the relationship between participation frequency
and win probability, we employed binary logistic regression mod-
els, setting the dispute outcome as the dependent variable and the
number of disputes a respondent had been involved in as the inde-
pendent variable. We also included an intercept term to establish
a baseline win probability and estimated the models’ parameters
using maximum likelihood estimation. This approach was used else-
where to estimate the influence of dispute outcomes on provider
selection [2, 30]; it allows us to estimate how each additional par-
ticipation affects the respondent’s chances of winning a dispute.

The results indicated a positive but not statistically significant
relationship between participation frequency and winning probabil-
ity for legally represented respondents (f; = 0.713, p = 0.120). For
self-represented respondents, we noted a statistically significant
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positive relationship (f; = 0.548, p = 0.021) with a baseline win
rate of 26.24%. By exponentiating the coefficient f;, we estimated
that self-represented respondents improve their chances of winning
a dispute by 73.05% with each new participation. In contrast, the
group of defaulting respondents demonstrated a statistically sig-
nificant negative relationship (f; = —0.037, p < 0.001), with each
additional default reducing the odds of winning by approximately
3.65%. As illustrated in Figure 3, those results translate into a steep
decline in respondents’ probability to win a dispute the more they
default. Those observations support our hypothesis regarding the
relationship between the frequency of participation or default in
disputes and decision outcomes under the UDRP.

Baseline: 2.8%

— Predicted Probability

3.0%
95% Confidence Interval

2.5% A

2.0%

1.5%

1.0%

Predicted Probability of Winning

0.5% -

0.0% -

0 20 40 60 80 100
Number of Disputes

Figure 3: Predicted probability of a defaulting respondent
winning a domain name dispute.

5.2 Justification of Default Decisions

Finding 2. Panel decisions cite fewer justifications when
respondents default than when they participate, particu-
larly in disputes decided in the claimant’s favor.

For transparency, the UDRP policy requires panels to include
in their published decisions the factual evidence they considered
and how it informed their judgment. This stipulation applies even
when respondents default, as panels may still verify the claimant’s
assertions against available evidence, including domain ownership
data provided by the domain registrar and evidence submitted by
the claimant. In this section, we assess how the number of facts
considered by panels differs between default and contested disputes.

To ensure we extract the facts in a manner that mirrors panel
decision-making, we aligned our methodology with existing legal
reviews, which indicated that panelists evaluate facts separately
for each of the four requirements listed below [5, 38].

(1) Trademark Standing and Similarity, comprising:

(1) Establishing Rights in a Mark, verifying the validity of
the claimant’s trademark.

(2) Identicality or Confusing Similarity, assessing whether
the domain is identical or confusingly similar to the mark.

(2) Rights or Legitimate Interests, determining if the respon-

dent possesses a valid claim to the domain.
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(3) Bad Faith, deciding if the domain name was registered and
is being used in bad faith.

Figure 4 highlights how requirements are addressed in a rep-
resentative decision. As shown, panelists typically organize their
analysis into delineated sections, each introduced by a descriptive
heading. Within these sections, the panel presents the relevant facts,
explains its interpretation of those facts, and states its conclusion
as to whether the corresponding requirement is satisfied.

=

WIPO

ARBITRATION wonLo

AND INTELLECTUAL PROPERTY
MEDIATION CENTER ZATION
Color Key
ADMINISTRATIVE PANEL DECISION -

Stichting BDO v. Domains By Proxy, LLC / Name Redacted Conclusion

Case No. D2022-1327

6. Discussion and Findings

A. Identical or Confusingly Similar

and as a result of BDO having become a distinctive identifier associated by consumers with the Complainant . .

and its services through its widespread use of the mark over many years. Ignoring the generic Top-Level Rights in a Mark
Domain ("gTLD") “.com", the Domain Name comprises the entirety of the Complainant’s BDO trademark
together with a hyphen and the word “receivables”. In the view of the Panel, the addition of this term does
not prevent a finding of confusing similarity between the Domain Name and the Complainant's mark
Accordingly, the Panel finds that the Domain Name is confusingly similar to a trademark in which the

TThe Complainant has uncontested rights inits BDO trademark, both by virtue of its trademark registrations } 1.1. Establishing
t

1.2. Identicality
or Confusing

Complainant has rights. Similarity
B. Rights or Legitimate Interests

Neither the named nor the third party for of the Domain Name (together ]

the "Respondent’) could have any rights or legitimate interests in respect of the Domain Name. The Domain

Name is not being used for an active website. The Respondent has no connection with the Complainant or .

the BDO Network. The Domain Name has been used for, and/or to attempt to support, fraudulent emails 2. Rights or

sent in the name of the Complainant in a dishonest attempt to procure payments by deceit. Such activity r Legitimate
cannot possibly give rise to rights or legitimate interests in respect of the Domain Name.

Interests
The Panel finds that the Respondent does not have any rights o legitimate interests in respect of the
Domain Name. J

C. Registered and Used in Bad Faith

In light of the nature of the Domain Name, there is no doubt that the Respondent had the Complainant and
its rights in the BDO mark in mind when it registered the Domain Name. The Respondent registered the  —
Domain Name for fraudulent purposes including by using it for email addresses such that recipients might be
deceived into believing that the Domain Name was being operated by or authorized by the Complainant.
The inclusion of the term “receivables” in the Domain Name sought to further the belief that emails were
being sent by an employee of the Complainant responsible for receiving funds on the Complainants behalf. | 3 p. 4 Faith

Such conduct amounts to paradigm bad faith registration and use of the Domain Name.

Accordingly, the Panel finds that the Domain Name has been registered and is being used in bad faith.
7. Decision

Figure 4: Annotated dispute proceeding highlighting the facts
based on which the panel made a decision about the four dis-
pute requirements and the panel’s conclusions about them.

To extract this unstructured information from our large corpus
of disputes, we devised a methodology that leverages the semantic
reasoning and capabilities of instruction-tuned models to accurately
isolate and extract relevant facts. Our methodology, represented in
Figure 5, starts by converting the published decision HTML or PDF
documents to Markdown using the MarkItDown Python package!.
We chose this intermediary markup language because it preserves
the hierarchical structure of documents, and has been shown to
improve LLMs’ understanding of lengthy legal documents [7].

We first prompted the Gemini 2.5 Flash reasoning model [21]
to analyze the Markdown-formatted document and identify the
document section where the panel discussed the requirement of in-
terest. For example, in the case of the dispute shown in Figure 4, the
model identifies the section titled “A. Identical or Confusingly Simi-
lar” when prompted to find the section relevant to requirements 1.1

Uhttps://github.com/microsoft/markitdown
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Step © Step © Step ©
Convert the document Locate the section with Extract the facts relevant
to Markdown the relevant facts to the UDRP element

Figure 5: Methodology used to extract the relevant facts for
each UDRP requirement.

and 1.2. Using only this relevant section, we prompted the model
to return a list of the facts considered, along with the panel’s con-
clusion on that requirement (i.e., whether the requirement was met
or not). The intermediate step of extracting the section narrows
the search space for facts, preventing the model from retrieving
irrelevant data and mitigating the “lost-in-the-middle” performance
degradation common in long-context LLMs [33].

Applying this methodology, we find that the vast majority of
facts extracted by the model (98.61%) match the source text exactly,
except for minor differences in capitalization or punctuation. For the
remaining non-exact matches, we quantify textual similarity using
the Longest Common Subsequence (LCS) similarity metric [44]. We
compute LCS between each extracted fact and its source document
and normalize the score by the length of the extracted text. LCS
measures structural similarity between strings of unequal length
by identifying the longest sequence of characters appearing in the
same relative order in both texts. Excluding exact matches, the
mean normalized LCS similarity is very high (98.38%). A manual
review of a random subset of 20 non-exact matches reveals that the
residual differences arise primarily from benign edits introduced
by the language model, such as correcting typographical errors or
replacing ambiguous pronouns with their explicit referents. These
results confirm that the model followed the instructions and pri-
marily returned quotations from the input documents.

We also analyzed cases in which the LLM did not extract any facts
and found two potential reasons for that. In some cases, panelists
effectively decided on some requirements without justifications in
the appropriate section, while other instances of empty facts related
to disputes where the panel decided to abstain from analyzing a
requirement because another requirement was not satisfied. This
latter observation is consistent with prior work showing that, given
the conjunctive nature of the requirements, panels often stop their
evaluation once a requirement is not met [38]. To prevent those
instances from skewing our analysis, we only considered entries
with empty facts if the panel had concluded that the requirement
was met or if that requirement was the only unmet requirement in
the dispute. Based on those criteria, we discarded 11 disputes.

Using the remaining dataset, we conducted a series of Mann-Whitney

U tests to evaluate whether the number of facts cited by panels
differs between default and contested disputes. For each dispute
requirement, we test the null hypothesis Hy that the distribution of
facts extracted from default disputes is identical to that of contested
disputes. At a 99.99% confidence level, we reject Hy in favor of the
alternative hypothesis H; that contested disputes are supported
by significantly more cited facts. Although this disparity could be
attributed to panels receiving submissions from only one party in
default disputes, two considerations challenge this explanation.
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First, we observe that panels cite substantially more facts in a
specific subset of default decisions—namely, those in which the
complainant does not prevail. To establish this, we conduct addi-
tional Mann-Whitney U tests comparing the distribution of facts
extracted from default disputes won by complainants to those they
lost. At a 99.99% confidence level, these tests show that panels dis-
cuss significantly more facts when ruling against complainants for
requirements 1.1. Establishing Rights in a Mark and 2. Rights or Legit-
imate Interests. As illustrated in Figure 6, these results demonstrate
that, even in the absence of any respondent submission, panels
expand their factual discussion when denying a complaint. This
pattern is consistent with the possibility that panels provide more
extensive justification when denying a complaint brought by the
cost-bearing complainant than when ruling against a respondent
who did not participate in the proceeding.

Complainant Won }»
Complainant Lost - }» 4{ 00000 oo o

0 5 10 15 20 25 30 35
Number of Facts Discussed by the Panel

©000000000000000 000 00 O

Figure 6: Number of facts considered by panels in default
decisions when establishing if the respondent has rights or
legitimate interests in the domain name.

The second consideration draws on the WIPO Overview 3.0 [46],
a document that panelists frequently cite in their decisions. It clari-
fies that the first UDRP element, encompassing requirements 1.1
and 1.2, is intended solely to establish whether the complainant has
standing to bring a dispute. Under this framework, the analysis of
these requirements is expected to apply irrespective of respondent
participation. Accordingly, the presence of a statistically significant
difference in the number of facts cited for these requirements be-
tween default and contested disputes is difficult to reconcile with
panelists’ responsibilities. While this disparity does not by itself
establish a denial of due process, it indicates variation in the level
of justification applied in default proceedings. Such variation may,
in turn, affect perceptions of fairness and transparency, potentially
undermining confidence in the UDRP dispute resolution process.

5.3 Consistency of Default Decisions

Finding 3.  Panelists ordered the transfer or cancellation
of 1,359 domains belonging to respondents who did not
participate in the dispute, when, in similar circumstances,

respondents who participated won 100% of their disputes.
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We now assess how non-participation in the dispute process is
associated with decision outcomes by identifying factually similar
disputes and comparing results across default and contested pro-
ceedings. We define factually similar disputes as those in which the
facts cited by panels when evaluating a given requirement form
a cluster of semantically similar excerpts. Figure 7 illustrates this
concept using two representative disputes. In both examples, the
panel’s analysis of the bad-faith requirement relies primarily on
the respondent’s offer to sell the domain name at a high price. De-
spite this similarity, the outcomes differ: the respondent who filed
a response (Example 1) prevailed, whereas the defaulting respon-
dent (Example 2) did not. Building on this illustration, this section
systematically examines how frequently such outcome divergences
occur when disputes are resolved on comparable factual grounds.

5.3.1 Method. To establish semantic relationships between dis-
putes, we leveraged BERTopic [22], a topic modelling algorithm
that has successfully been deployed in prior work to analyze le-
gal documents [3, 16]. BERTopic features a modular architecture
that sequentially combines an embedding model to vectorize sen-
tences, a clustering algorithm to group semantically similar vectors,
and a representation model to extract keywords characterizing each
cluster. In this work, we employed Voyage-Large-3 for the em-
bedding stage, selected for its superior performance in both legal
and general domain retrieval tasks [8, 43]. We utilized the model’s
256-dimensional output truncation to optimize computational effi-
ciency while retaining the semantic richness required for accurate
clustering. For the clustering algorithm, we used HDBSCAN due to
its robust ability to identify clusters of varying densities and auto-
matically determine the optimal number of clusters while filtering
out noise [9]. In our configuration, we set the minimum cluster
size to 2—the lowest possible threshold. This parameter choice was
designed to maximize the granularity of our topic model, ensuring
that even small thematic patterns were captured as distinct topics
rather than being discarded as outliers.

To ensure that clustering reflects substantive patterns rather
than dispute-specific identifiers, we apply an abstraction step prior
to clustering. Named entities such as trademarks, company names,
and proper nouns can otherwise dominate similarity estimates and
result in clusters driven by lexical overlap rather than shared rea-
soning. Accordingly, we generate controlled abstractive summaries
of the extracted facts following established prompt engineering
practices for precise summarization [1]. This normalization step
removes case-specific identifiers and emphasizes the underlying
narrative structure used by panels in their evaluations. For example,
in Figure 4, a fact referencing the mark “BDO” is abstracted into
the requirement-level summary: “The complainant establishes its
trademark rights through registrations and long-standing use.”

5.3.2  Metrics. We evaluate the quality and fidelity of the gener-
ated summaries using BERTScore [50], a commonly used metric for
assessing machine-generated text in the absence of human-labeled
ground truth. Prior work has shown that BERTScore generally cor-
relates better with human judgments than traditional n-gram-based
metrics such as BLEU for text generation tasks [15, 23]. Across all
pairs of extracted facts and their corresponding summaries, we
observe an average BERTScore of 0.77, which is well within the
accepted range for accurate abstractive summaries [15].
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Cluster: The respondent offered the disputed domain for sale.

Example 1: Respondent Won

“Given the Panel’s finding on the issue of ‘rights or legitimate interests,
the Panel concludes that the disputed domain name was not registered and
is not being used in bad faith. See John Fairfax Publ’n Pty Ltd. v. Domain
Names 4U, D2000-1403 (WIPO Dec. 13, 2000) (finding legitimate interests
and no bad faith registration where the respondent is a seller of generic
domain names.) While Respondent is offering the disputed domain name
for sale for an amount far in excess of what it cost to obtain and register,
that, apparently, is the business model followed by domain name resellers,
such as Respondent. ”

Example 2: Respondent Lost

“Respondent (who did not reply to Complainant’s contentions) has not
presented any plausible explanation for its use of Complainant’s mark. In
accordance with paragraph 14(b) of the Rules, the Panel shall draw such
inferences from Respondent’s failure to reply as it considers appropriate.
Accordingly, the Panel finds that Respondent did not have a legitimate use
in mind when registering the disputed domain name.

Indeed, as already noted, Respondent offers the disputed domain name
for sale for a price in excess of out-of-pocket costs. Under Policy q 4(b)(i),
there is generally a finding of bad faith registration and use where the
respondent uses the resolving webpage to offer the domain name for sale.
See Airbnb, Inc. v. Super Privacy Service LTD c/o Dynadot, FA 1821386
(Forum Jan. 10, 2019) (‘Complainant argues that Respondent registered and
uses the <airbnbb.com> domain name in bad faith by offering it for sale. The
Panel agrees and finds that Respondent registered and uses the disputed
domain name in bad faith under Policy q 4(b)(i).); see also Staples, Inc. v.
lin yanxiao, FA1505001617686 (Forum June 4, 2015) (‘Respondent’s offering
to sell the disputed domain name to a third party (in this case, the general
public) supports a finding of bad faith registration and use’); see also Bank
of Am. Corp. v. Nw. Free Cmty. Access, FA 180704 (Forum Sept. 30, 2003)
(‘Respondent’s general offer of the disputed domain name registration for
sale establishes that the domain name was registered in bad faith under
Policy q 4(b)(i).); see also Am. Anti-Vivisection Soc’y v. “Infa dot Net” Web
Serv., FA 95685 (Forum Nov. 6, 2000) (finding that ‘general offers to sell
the domain name, even if no certain price is demanded, are evidence of
bad faith’). Thus the Panel finds that Respondent registered and uses the
disputed domain name in bad faith per Policy 9 4(b)(i).”

Figure 7: Excerpts of two factually similar disputes that led
to different outcomes. The highlighted texts indicate the relevant
facts regarding bad faith extracted from each dispute.

5.3.3  Results. We apply our clustering methodology to the gen-
erated summaries, yielding between 1,129 and 2,121 clusters per
dispute requirement. Figure 8 presents illustrative examples. To
assess clustering quality, we compute the average cosine similar-
ity between all pairs of disputes within each cluster. This metric
aligns with our downstream objective of forming compact groups
of factually similar disputes, rather than maximizing separation
between clusters. Across requirements, the mean within-cluster
cosine similarity ranges from 87.92% to 95.73% (see Table 1 in the
appendix), indicating that clustered disputes exhibit a high degree
of semantic coherence. While this measure does not establish that
clusters correspond to legally meaningful categories, it provides



ICAIL 2026, June 08-12, Singapore

Vinny Adjibi, Kathryn Kleiman, Michael Bailey, and Fabian Monrose

The complainant registered a mark with a national intellectual property office.

1.1, Establishing Rights in a Mark
(2121 clysters) The €

asserts common law rights in a specific mark based on continuous commercial use, substantial sales, advertising, and press recognition.

The Complainant holds registered trademark rights for its mark in the jurisdiction where the Respondent is apparently located.

The disputed domain name entirely incorporates the complainant's trademark

1.2. Identicality,or Confusing Similarity
(1,839.clusters)

ROOT

2. Rights or Legitimate'Interests
(1,158 clusters)

The disputed domain name is identical to the Complainant's trademark.

The disputed domain name incorporates a clear misspelling of the Complainant's established mark.

The Complainant never authorized the Respondent to use its protected mark.

The disputed domain name was registered years after the complainant secured its relevant mark.

The registration details identify an individual, and the linked website offers competing products and services

The respondent registered the disputed domain name while aware of the complainant's established mark.

3. Bad Faith
(1,129 clusters)

The offered to sell the disputed domain name, which incorporated the Complainant's mark, for a specified monetary amount.

The respondent registered the domain name and used it to send emails impersonating the complainant as part of a phishing scheme.

Figure 8: Top 3 largest clusters identified relative to each of the four dispute requirements analyzed. Those clusters represent

ideas expressed in UDRP disputes filed between 2015 and 2025.

evidence that the clustering procedure consistently groups disputes
with closely related factual descriptions.

Of the 6,247 semantic clusters identified, 1,084 (17.35%) contain
both default and contested disputes, indicating that substantively
similar factual circumstances were evaluated in both procedural
settings. Within this subset, 676 (62.36%), covering 4,135 disputes,
have identical respondent win rates regardless of participation
status. In these cases, outcomes are consistent across default and
contested proceedings when panels rely on the same underlying
facts (see, for example, clusters (a) and (b) in Figure 9 where both
groups of respondents either lost or won all their disputes).

Facts Analyzed by the Panel

B Respondent Did not Participate and Won Bl Respondent Participated and Won
Respondent Did not Participate and Lost I Respondent Participated and Lost

(a) The respondent registered the ;

disputed domain name before the 100.00% [§100.00%
complainant first used the mark. "

(b) The Complainant possessed a

well-known mark. 0.00%; IU 00%

(c) The domain name hosted a page " l 9
containing pay-per-click links. 4.76% §50-00%
(d) The unused domain name i
incorporates the complainant's mark 1.79% lso.oo%
without authorization. i

(e) The respondent offered the

disputed domain for sale. 11.29% .‘50'00%

225 200 175 150 125 100 75 50 25 O 25
UDRP Disputes

(f) Complainant claims the
respondent registered the nameto  12.26%.
disrupt their business.

Figure 9: Differences in outcomes between default and con-
tested disputes for a sample of representative clusters. The
percentage value next to the bars represents the win rate for re-
spondents in disputes assigned to that cluster.

We further identified 356 clusters comprising 4,497 disputes
(577 contested and 3,920 default) in which participating respon-
dents prevail more frequently than defaulting respondents. Across
these clusters, respondents who participated won, on average, 79.50
percentage points more often than those who did not participate.
Cluster (e) in Figure 9 illustrates such a scenario where respondents
who participated won 4 of 5 (80.00%) disputes, while defaulting
respondents won just 7 out of 62 (11.29%).

In 241 of the 356 clusters, participating respondents achieved a
100% win rate; yet, within these same factually comparable groups,
defaulting respondents incurred 1,359 losses. Cluster (f) in Figure 9
is one such example, where participating respondents achieved
a 100% success rate compared to just 12.26% (26/212) for those
who defaulted. These findings document substantial divergence in
outcomes associated with participation status when panels rely on
similar factual grounds.

While the data do not establish the causes of these diver-
gences, they highlight patterns that may inform ongoing dis-
cussions on participation incentives, procedural safeguards,
education, and accuracy of dispute resolution outcomes.

5.3.4 External Validation. As an external point of validation, we
examined whether disputes exhibiting outcome divergence in our
analysis had attracted commentary in domain name-focused on-
line forums. Specifically, we searched for discussions of the 1,359
disputes where defaulting respondents lost despite being factually
similar to disputes won by participating respondents (for example,
the 186 default losses in cluster (f) shown in Figure 9). The sources
reviewed included CircleID [12] and Domain Name Wire [17], long-
standing publications covering the domain name ecosystem, as well
as the Internet Commerce Association [27], an advocacy organiza-
tion representing domain name investors.
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This search yielded 22 articles discussing panel decisions in 16
disputes. To characterize the tone of those articles, we apply a
reasoning model to infer whether the authors agreed or disagreed
with the panel outcomes. We found that commentators agreed with
the panel decision in 12 disputes and disagreed in 4 four others.
The presence of controversial outcomes among these commentaries
provides independent confirmation that some of the divergences
identified in our analysis are also noted by policy observers. At the
same time, the limited number of publicly discussed cases (i.e., less
than 2% of the 1,359 disputes) highlights the challenges of relying on
anecdotal review and underscores the value of scalable, systematic
methods like ours for examining UDRP decisions.

6 Recommendations

Overall, our findings highlight areas where existing procedures
may warrant closer examination, particularly with respect to the
handling of default disputes. One possible avenue for further consid-
eration is the development of a systematic mechanism for reviewing
a subset of panel decisions, with the goal of assessing the consis-
tency and completeness of the reasoning provided across UDRP
disputes. Such a review process could support multiple objectives,
including identifying patterns in decision-writing practices, inform-
ing panelist training and guidance materials, and surfacing policy
provisions that may benefit from clarification or refinement.

Recent commentary [48] has similarly noted the potential value
of mechanisms for evaluating panelist performance, while also
observing the absence of a standardized framework for conducting
such assessments. In this context, the methods introduced in this
work could be viewed as one input into a broader review process,
for example, by helping to flag decisions whose reasoning differs
substantially from that observed in factually similar cases, and
which may merit additional scrutiny.

Our results also point to the role of respondent participation as
an empirical factor associated with dispute outcomes. As noted ear-
lier, while the causes of non-participation are likely heterogeneous,
prior work suggests that some respondents default due to limited
time and resources, lack of effective notice, or absence of familiarity
with the process [49]. For these cases, UDRP policymakers may wish
to explore approaches aimed at lowering participation barriers, such
as clearer guidance on evidentiary expectations or tools that assist
respondents in preparing submissions. Emerging Al-assisted sys-
tems could potentially support these goals by helping respondents
identify relevant evidence and structure their responses, without
altering the substantive standards applied by panels.

More broadly, given the observed differences in outcomes asso-
ciated with legal representation and participation, initiatives that
improve accessibility and procedural understanding may contribute
to more consistent decision-making and increased confidence in the
dispute resolution process. Any such measures would benefit from
careful evaluation to balance efficiency, fairness, and the diverse
interests of stakeholders within the domain name ecosystem.

7 Limitations

Our analysis is subject to several limitations. First, while semantic
clustering allows us to perform comparisons across large num-
bers of disputes, similarity in extracted factual excerpts does not
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guarantee full legal equivalence across cases; panels may weigh
facts differently or consider contextual elements not captured in
the excerpts. Second, although we use state-of-the-art automated
text extraction and summarization techniques — that are further
validated through multiple checks — these techniques may omit
nuances [7, 29] present in narrative reasoning. Third, clustering
quality is evaluated using distributional similarity metrics that as-
sess coherence rather than legal correctness, and therefore should
be interpreted as indicative rather than definitive. In particular,
BERTScore does not directly measure semantic completeness or
factual faithfulness.

More broadly, this study examines associations between partici-
pation status, reasoning depth, and outcomes, but does not identify
causal mechanisms, which we leave to future work. And, our analy-
sis is limited to single-domain disputes decided in English, excluding
cases that may exhibit different patterns. Extending this approach to
multi-domain and non-English proceedings remains an important
direction for future research, especially for settings where current
techniques require new text representations [39]. We nevertheless
hope these findings are helpful to the broader community and help
inform ongoing discussions of procedural design.

8 Conclusion

Differences in outcomes between default and contested cases have
long been a topic of discussion within the domain name commu-
nity, particularly with respect to the operation of existing dispute
resolution mechanisms. In this work, we examine whether panel
decisions are consistent when disputes involve substantively sim-
ilar factual circumstances, independent of respondent participa-
tion. Using scalable natural language processing techniques, we
analyze large collections of UDRP decisions to compare outcomes
and decision rationales across procedural settings. Our analysis
indicates that respondent outcomes vary systematically with partic-
ipation and representation status, that default decisions tend to cite
fewer factual grounds, and that disputes presenting similar facts
can nonetheless result in different outcomes. These observations
provide empirical context for ongoing ICANN and community-led
policy development efforts by documenting how participation and
decision-writing practices are associated with observed outcomes.

We view our findings as important input to broader discussions
on procedural safeguards, transparency, and the effective operation
of the UDRP, rather than as prescriptive conclusions regarding the
requirement for any specific policy changes.
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Clustering Evaluation

Table 1 presents the evaluation results of the clusters generated for

the

four dispute requirements. The intra-cluster similarity score

represents the average of the pairwise cosine similarity between
every pair of elements in each cluster.

Table 1: Results of the clustering algorithm

# Requirement Clusters  Similarity (%)
1.1.  Establishing Rights in a Mark 2,121 95.73%
1.2.  Identicality or Confusing Similarity 1,839 95.96%

2. Rights or Legitimate Interests 1,158 91.29%

3. Bad Faith 1,129 87.92%
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